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Global Contextual Constraints and Local Multi—factor Integration for
Conversational Emotion Recognition
CAO Wei',ZHAO Xin-yuan'™,XUE Yu-yang®
(1.School of Computer Science and Technology , Xinjiang Normal University , Urumqi , Xinjiang ,830054 , China;
2.School of Information Management , Xinjiang University of Finance & Economics, Urumqi, Xinjiang ,
830012, China)

Abstract: Conversational Emotion Recognition is a vital task in the field of Natural Language Processing
(NLP) , aiming to automatically identify the sentiment of each utterance in a conversation. However, most existing
studies have focused on the semantic representation of utterances or modeling of speakers’ relations , ignored the in-
fluencing factors of emotional dynamics evolution during conversational interaction. This paper presents a new ap-
proach to Conversational Emotion Recognition that incorporates global contextual constraints and local multi—factor
integration. This model not only considers the global semantic information of utterances in the conversation , but also
deeply explores and models multiple influencing factors of emotional semantics during the dialogue. Experimental
results on public datasets demonstrate the superiority of this new method for Conversational Emotion Recognition.

Keywords: Dialogue sentiment recognition ; Global context; Local multi—factor fusion



